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This study explores how standardised project managers checklist influence the adoption and
effectiveness of business intelligence tools in the Nigerian banking sector. Business intelligence
tools are increasingly adopted by Nigerian banks to gain a competitive edge but do not address
the challenges the tool pose. This study adopted a quantitative research design to examine a
standardised project management checklist on the adoption and effectiveness of business
intelligence tools using a structured questionnaire. A linear regression analysis method was used
to analyse the information gathered from respondents and it was found that standardised project
manager’s checklist influences the adoption and effectiveness of business intelligence tools. This
study concludes that each bank has its own peculiarity and the peculiarity of product offerings
and consumer demography should be considered in the adoption of a business tool to ensure its
effectiveness

This study contributes to previous research in business intelligence by examining peculiarities in
the issues encountered in the use of different business intelligence tools. It was recommended
that each bank should use a standard that best fits the Nigerian environment, the bank needs and
that of the consumers.

Keywords: Business intelligence, banking industry, business intelligence tool adoption, project
management standardisation, operational effectiveness, Nigeria.

1.0 INTRODUCTION

1.1 Background and context

Combining business best practices with advanced technology significantly improves the quality
of managerial decisions (El-Adaileh& Foster, 2019). Specifically, business intelligence (BI) tools
take stored data and transform it into useful, actionable information. Organizations then leverage
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this information to make informed choices, boost efficiency, and increase productivity, ultimately
allowing them to wisely utilize their data to solidify and enhance their market position (Khan,
Satish, &Jithesh, 2020).Careful examination of business intelligence process and operational
models allows organizations create business value (Roden, Nucciarelli, Li and Graham, 2017,
Trieu, 2017) improves decision making and increase performance.

Business Intelligence (BI) systems are frequently used by corporate executives, managers, and
operational staff to achieve key goals like reducing costs and discovering new business
opportunities. Previous studies recorded that business intelligence systems facilitate banking
sector growth by optimising processes, providing personalised customer experiences, and
successful risk management (Horani, Khatibi, Al-Soud, Tham, & Al-Adwan, 2023). Likewise, it
helps product managers think, plan, forecast, solve issues, design goods or services matched with
customer wants, identify competition, enhance revenue management, increase sales, grow client
segments (Al-Okaily & Al-Okaily, 2022), and create and achieve business goals (Aws, Ping, &
Al-Okaily, 2021). Although technical skill is a prerequisite for BI success (Isik et al. 2013),
maximum user benefit and organizational effectiveness are directly tied to the perceived ease of
use of the business intelligence tool.

Despite the clear strategic and operational value provided by BI systems, their successful
deployment is a complex, multi-faceted project. Studies consistently report that a significant
percentage of BI and IT projects fail or underperform, not due to a flaw in the technology itself,
but often because of implementation failures such as poor project planning, inadequate
communication between IT and business users, and insufficient risk management. In the
regulated and risk-averse banking industry, the stakes for successful and compliant BI
implementation are exceptionally high, demanding meticulous control from the start to the end of
a project.

Many large financial institutions adopt standardised project management methodologies to
enhance corporate governance, mitigate implementation risks, and ensure a consistent quality of
deployment. The standardised project manager's checklist is a critical instrument to enhance
governance because it ensures crucial, non-negotiable steps from initial data quality assessment
and clear definition of business requirements to stakeholder sign-off and end-user training are
completed uniformly across involved departments. This study focus on standardisation is to
reduce variability, improve internal communication, and ultimately lead to a more robust,
compliant, and user-friendly outcome.

1.2. Statement of the problem

Over the years, a generic checklist is used by project management to provide guidance and
flexibility for the unique and technologically complex nature of business intelligence tools.

This generic checklist overlooks the specialized requirements, data governance complexities, and
organizational change management critical for business intelligence success and prevents
effective management of issues and data due to lack of data source integration quality etc. The
one size fits all nature prevents tailored solutions while using BI tools, deployment scopes or
varying maturity levels of banking institutions.

In addition, project managers do not focus on actual delivery of strategic alignment which can
overshadow the goal of maximizing the tools for business effectiveness and user adoption. If the
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checklist driven implementation prioritizes technical completion over user experience, it can lead
to poor usage if the deployed BI solution does not effectively meet their specific reporting and
analysis needs, it can result in faulty reports and dashboards leading to poor, costly business
decisions.

The bank may invest in infrastructure without realizing the expected strategic and operational
benefits. This will give the impression of a successful, low risk project, data issues or poor user
adoption. While the literature strongly supports the general role of competent project
management in IT success, the specific, measurable impact of standardised project manager
checklists on the subsequent user adoption and long-term effectiveness of BI tools in the banking
sector remains largely unexplored.

Existing research tends to focus on broad methodologies or high-level critical success factors,
without isolating the effect of specific, mandated, governance-focused tools like the PM
checklist. Therefore, this study aims to empirically evaluate the direct impact of using a
standardised project managers checklist on the successful adoption and ultimate effectiveness of
business Intelligence tools within the banking industry in Nigeria.

1.3. Objectives of the study

The main objective of this study is to empirically evaluate the impact of the standardised project
managers checklist (SPMC) on the adoption rates and overall effectiveness of business
intelligence (BI) tools in the Nigerian banking sector. The underlisted are the specific objectives.

To measure the correlation between the project manager's adherence to the SPMC and the
subsequent user adoption rates of the implemented BI tools.

To assess the correlation between the project manager's adherence to the SPMC and the
effectiveness of the implemented BI tools

To examine the correlation between the adoption and effectiveness of business intelligence tools.
To ascertain the relationship between SPMC and the adoption of business intelligence tools
To ascertain the relationship between SPMC and the effectiveness of business intelligence tools.

1.4. Justification of the study

Business intelligence tools are fundamental enablers for modern banking operations. They drive
risk management, fraud detection, regulatory reporting, customer personalization, and
operational efficiency. Failure in a BI project directly affects profitability and competitive
advantage. Banks invest massive capital in BI software licenses, infrastructure, and skilled
personnel. A project checklist could lead to technically complete but practically ineffective BI
deployments, resulting in a failure to achieve the expected return on investment.

In addition, BI systems are often used to generate compliance reports and provide audit trails. If
a generic project checklist fails to mandate and properly validate Bl-specific requirements—Ilike
data quality, security, and governance, it creates a false sense of security. Further, successful BI
adoption is highly dependent on user-centric design, data literacy, organizational change
management, and continuous adaptation.
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There is a need to adapt project management frameworks for digital transformation projects. By
evaluating the current standardized checklist, the research can provide concrete, evidence-based
recommendations for creating a project governance framework that integrates essential data and
user adoption checkpoints.

2.0. LITERATURE REVIEW

Conceptual framework

Adoption of
business

intelligence tools
Standardised

project managers Effectiveness of
checklist business intelligence
tools
dalization.
21w _Keview

2.1.1. Business intelligence

In the banking sector, employees are trained for seamless service delivery. Trained workers
promote the usage of business intelligence tools, while work experience influences acceptance
and favourable technology use to ensure ease of use of platform (Alkhwaldi, Abdulmuhsin,
Alqudah& Al-Okaily, 2023; Dwivedi, Nerur&Balijepally, 2023). Complex business intelligence
systems have a negative effect on users’ experience and affect adoption (Eriksson &Ferwerda,
2021). Banks are big consumers of modern technology, software, and solutions that enhance
business activity, increase productivity, or provide a competitive edge. Several factors affect how
business intelligence tools are accepted, used, and ultimately effective within the banking
industry. The following discussion examines these factors.

Technological factors
Artificial intelligence tools

While leading companies currently leverage Al for competitive growth, its considerable potential
should extend beyond single businesses to benefit the entire national economic system (Abdulov,
2020). Al-driven strategic planning can be useful to balance economic sectors, set business
targets, forecast market supply and demand, and optimize the monetary system when adopted on
a national scale. Integrating Al into national planning enables the development of a sustainable,
crisis-free growth model by fostering continuous reproduction without sectorial disruptions
(Abdulov, 2020). Due to the advancements in computer performance, combining Al with big
data now provides the technological capacity to overcome data distortion issues essential for
effective planning (Oumran, Atan, Binti Nor, Abdullah &Mukred, 2021).
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Perceived usefulness

The Technology Acceptance Model (TAM) posits that the adoption of technology across
different fields is primarily determined by how individuals within that field perceive the
technology's ease of use and its usefulness. This study specifically examines perceived
usefulness as a key technological factor, perceived usefulness and perceived ease of use are
recognized as essential determinants of successful technology adoption (Hawash, Mokhtar,
Yusof, Mukred&Gaid, 2021).

Compatibility

Compeatibility is defined as the degree to which a new technology aligns with an enterprise's
current infrastructure, tools, and business practices (Pan and Pan, 2019). It is a crucial factor
when studying the adoption of business intelligencesystems (Acheampong and Moyaid, 2016)
because a technology that is compatible with an organization's existing IT environment is
projected to reduce implementation costs and time (Chen, Li, & Chen, 2021).

Data analytics ability

The growth of data has prompted both researchers and industry leaders to incorporate advanced
technology adoption in managing large data to enhance data advancement and improve
competitive advantage strategies (Maroufkhani et al., 2019). Various methods and technologies
for data storage, analysis, and visualization have also been adopted to enhance it. Data-related
infrastructure capabilities is an important technology resource that enables the efficient
deployment and application of business intelligence (Teoh, Al-Okaily, Iranmanesh& Al-Betar
2023).

Cloud computing facility

A user's proficiency and ability to utilize ICT hardware and software directly impact
performance (Yasak& Alias, 2015). Cloud computing is one of the factors that significantly
influence technology adoption (Mohamad, Embi, &Nordin, 2016). Despite the widespread global
deployment of cloud computing, lack of awareness among many users and stakeholderscauselack
of knowledge and skill which influences the adoption of business intelligence
tools(Baharuddin, Izhar, Mohamad & Hasnol,2016)

Organizational Factors
Top management support

Strong management support prevents the failure of adoption of new technology
(Lacity&Willcock, 2017). Within an organizational context, successful technology adoption
hinges on top management support (Ahmad & Siraj, 2018), organizational readiness
(Acheampong &Moyaid, 2016), and effective data management (Puklavec, Oliveira, &Popovic,
2014).

Top management support is active involvement throughout the entire adoption process of a
system (Acheampong &Moyaid, 2016). Organizations that successfully adopt knowledge
management systemsexhibit a high degree of top management support (Wang & Wang, 2016).
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Meanwhile, organizational readiness is having sufficient resources such as human capital,
financial backing, technical infrastructure, knowledge, and skills (Puklavec et al., 2014).
Theavailability of these resources influences the adoption of business intelligence systems
(Boonsiritomachai, McGrath, & Burgess, 2016).

Effective communication

Effective communication influences the acceptance of technology within the workplace
(Aldossari& Mokhtar, 2020). Mayeh, Ramayah, and Mishra (2016) noted that effective
communication is essential for the actual use of technology, while Misra et al. (2016) further
emphasized that stakeholder communication is vital for successful system control.

Training

Staff training is essential for mitigating risks that could act as barriers to the successful adoption
and implementation of a new system (Costa, Aparicio &Raposo, 2020). When users are
knowledgeable about the concepts of a new model, they are more likely to adopt the systemand
readily accept necessary training (Altamony et al., 2016).

Relative Advantage

Relative advantage is the degree to which an innovation is perceived as superior to the methods
or ideas that it intends to replace (Zamzeer et al., 2020; Oliveira, Thomas, &Espadanal, 2014). It
drives technology adoption across various industries and predicts innovation acceptance (Darko
et al.,, 2017; Olexova, 2014; Oliveira et al., 2014; Owusu et al., 2017). Consequently,
technologies offering benefits superior to existing ones are likely to be adopted (Maresova et al.,
2017).

Environmental Factors
Environmental support plays a crucial role in the successful adoption of innovation.

Behavioural intention refers to the end-users' conscious plan or readiness to adopt a specific
technology. It reflects the degree to which an individual plans to perform (or avoid performing) a
future action. This readiness is a key determinant that drives the use of technology and predicts
actual system usage.

Furthermore, staff training helps mitigate risks that could otherwise serve as barriers to system
adoption and implementation success (Costa, Aparicio &Raposo, 2020), further encouraging
technology use.

Standardised Project Managers Checklist (SPMC)

This is a formal, sequential list of critical tasks and criteria that a project manager must verify
and complete at specific project phases (Lock, 2017). It acts as an auditable control that prevents
critical, common errors and ensures that a project is compliant and on track for basic technical
delivery. It ensures consistency, quality assurance, and compliance by acting as a cognitive aid
and a control mechanism to manage projects, and the implementation of business intelligence
tools (Ali & Ahmed, 2024).

It serves as a non-negotiable control mechanism imposed by a central authority to ensure projects
are executed in alignment with organizational standards and risk appetite. It enforces the use of
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best practices uniformly across departments in the bank, which is crucial for managing risk and
ensuring regulatory compliance.

BI tool effectiveness

This is the degree to which a deployed business intelligence system achieves its intended
organizational and strategic objectives to deliver measurable, high-quality, and compliant
outcomes (Al-Okaily, Teoh & Al-Okaily, 2023; Chalmeta& Ferrer Estevez, 2023). It considers
strategic alignment & performance, business value realization, data quality confidence as well as
audit and regulatory compliance (Al-Okaily, Teoh & Al-Okaily, 2023).

It measures how well the BI tool's outputs (reports, dashboards, analysis) support the bank's
strategic goals, decision-making processes andthe extent to which the insights generated directly
inform and influence strategic actions, competitive positioning, and goal attainment.

Business value realization quantifies the tangible and intangible financial and operational
improvements resulting from the BI solution's use (Grover, Chiang, Liang & Zhang, 2018).

Data quality confidence measures the end-users' and stakeholders' belief in the accuracy,
reliability, and integrity of the data and insights presented by the BI tool (Podobnikar, 2025).

2.2. Theoretical framework

Standardised corporate governance is the consistent application of mandatory controls, primarily
driven by the need for auditability and risk mitigation (Horani et al., 2023). The standardised
project managers checklist (SPMC) serves as the operational tool for this governance, drawing
its theoretical power from reliability theory. The SPMC acts as a formal, mandatory control to
prevent basic procedural failures (missed sign-offs, skipped risk assessments) that could lead to
financial or regulatory penalties. In a bank, the failure to check a box often translates directly to
an audit finding or a breach of internal policy.

Bhatiasevi and Naglis (2018) developed a model for business intelligence (BI) adoption in small
and medium-sized enterprises (SMEs). The model integratestechnological, organizational, and
environmental factors to assess the degree of influence each has on the BI adoption process.

2.2.2 Technology Acceptance

The unified theory of acceptance and use of technology (UTAUT) posits that the intention to
use and subsequent actual use of technology is driven by the user's intention to use it andthe
availability of facilitating conditions. The intention to use is directly shaped by performance
expectancy (the belief that the system will enhance job performance), effort expectancy, and
social influence.

In a conceptual approach for business intelligence (BI) use in SMEs, Foshay and Kuziemsky
(2014) proposed a two-phase adoption model. The first phase involves information quality,
which generates attitudes toward data cognition and affect. These attitudes then influence the
perceived usefulness and perceived ease of use derived from the technology acceptance model
(Hou, 2015).

2.3. Empirical review
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The examination of technological innovation adoption in enterprises has utilized a variety of
established theoretical models, including the theory of reasoned action, the technology
acceptance model, the unified theory of acceptance and use of technology, the theory of planned
behaviour, the diffusion of innovation, and the technology, organization, and environment
framework (Tran et al., 2014; Najib &Fahma, 2020; Abu et al., 2015; Seol et al., 2016; Tehrani &
Shirazi, 2014).

Technology adoption is affected by user resistance, privacy concerns, lack of trust, costs, and
difficulty of setup (Kim &Eunil, 2020; Najib &Fahma, 2020). Technical risks, such as
complexity, financial risks, and inadequate data managementthreaten successful implementation
(Jeon et al., 2020; Khan et al., 2020). Organizational capability deficits such as insufficient
technical, human, time, or management resources, and a lack of top-management support are
major internal barriers while competitive and supplier pressure are external barriers (Igwe et al.,
2020).

The TOE framework is widely used to identify factors that influence technological innovation
adoption in enterprises. Studies such as Hung et al. (2016) found that BIS implementation,
driven by TOE factors, positively affects user satisfaction and system effectiveness. Conversely,
Lautenbach et al. (2017) highlighted that data-related infrastructure capabilities, top management
support, and external market impact influence BIS usage. Owusu et al. (2017) used the TOE
framework to investigate BIS adoptionin Malaysian private universities, confirming its utility for
business intelligence system implementation,

Jaradat, Al-Dmour, Alshurafat, Al-Hazaima, and Al Shbail (2024) examined factors influencing
business intelligence adoption considering insurance companies in Jordan. They found that
relative advantage and information quality are positive significant determinants of business
intelligence adoption.

Perceived usefulness and perceived ease of use directly affect the implementation success of
business intelligence systems (Bach, Zoroja, &Celjo, 2017). Furthermore, studies show that
information quality plays a key role in adoption by positively influencing both the perceived
usefulness and the perceived ease of implementation (Foshay, Taylor, & Mukherjee, 2014).

In a broader analysis, Boonsiritomachai, McGrath, and Burgess (2016) examined how various
capability, business, and external environmental factors impact BI adoption in SMEs. These
factors included innovation capability factors, business capability factors and business external
environment factors.

3.0 METHODOLOGY

This study adopted a quantitative research design to explore a standardised project managers
checklist on the adoption and effectiveness of business intelligence tools.

The most appropriate methodology for this study to empirically evaluate the impact of the
standardised project managers checklist (SPMC) on BI adoption and effectiveness in the
Nigerian banking sector is the quantitative method. This design starts with quantitative data to
measure correlation and differences in effectiveness.

3.1. Population and sample of the study
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The population of this study includes employees of Nigerian banks using business intelligence
tools to carry out daily activities.

3.2. Data Collection methods

Data was collected through structured questionnaire which was used to measure adherence to
SPMC. User adoption was measured using UTAT driven measures, BI tool effectiveness was
measured using data quality confidence, and business value realization. The correlation between
SPMC adherence, user adoption rates and BI tool effectiveness across a sample of banks using
business intelligence tools was addressed using survey. Major commercial banks operating in
Nigeria that have implemented business intelligence (BI) tools (e.g., Tableau, Power BI, Oracle
BI) for strategic, risk, or regulatory reporting within the last 3-5 years were considered.
Employees from major departments in the banking industry were considered in the data
gathering process

A stratified random sampling method was used to ensure adequate representation from all
targeted banks and functional areas and a minimum sample size was determined using Krejcie&
Morgan’s formula.

3.3. Validity and Reliability Test

Credibility was enhanced by comparing the perspectives of employees because data was
gathered from employees. Transferability was accomplished by providing a full explanation of
the research environment and technique, allowing other researchers to assess if the findings are
relevant to diverse situations and consistent over time.

Ethical Considerations

Informed consent was obtained from all participants. Anonymity and confidentiality were strictly
maintained and sensitive documents and data was aggregated to prevent identification of specific
individuals or banks.

4.0. DISCUSSION OF RESULTS

A total of 120 useful responses was gathered. 77.5 % of respondents were females, while 22.5%
of them were males. This implies that we have more females than male in the banking sector
who make use of business intelligence tools and contribute to day to smooth running of banking
activities. 5.8% of these sample are between ages 18 to 28 years, while 35% of them are between
ages 29 to 39 years, 45% of them are between 40 to 50 years and 14.2% are 51 years and above.
These age groups imply that while the banks employ a minute portion of the age brackets 18 to
28 years to join their team on a yearly basis, they also train their existence employees to work on
the business intelligence tools available for use in the banking environment. 0.8% of the
respondents have school leaving certificates, 21.7% have diploma while 14.2% have Bachelor of
Science or national diploma, more than half of the respondents have a post graduate degree. This
implies that the respondents are well educated to use the tools provided to them in the bank and
understand the questions provided to them by the researcher. In addition, 13.3% of the
respondents are single,78.3% are married, 5% have lost their partner and 0.4% are divorced. This
implies that most of the respondents have stable relationships, while an insignificant number of
them are unable to have a work life balance.
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In addressing the objectives of this study, a percentage of the responses was first noted before the
correlation and regression analysis. It was noted that more than fifty percent of the respondents
stated that there are communication and cooperation between involved departments and there is
engagement in consistent software training/education. They also stated that there is consistent
assessment of the enterprise system specification need assessment.

Assessment of service helps to identify areas for improvement (Suman &Bolia, 2019). Through
service tracking, issues are identified and resolved before they become major complaints (Shuja,
Awan & Saleem, 2023).

Consumers perceive bad experience as a failure of the bank's technology (Iman, Nugroho,
Junarsin, &Pelawi, 2023). The ability to access real-time data makes it easy to manage customer
inquiries and troubleshoot problems efficiently while the inability to cause service delivery
issues (Saabye, Kristensen &Wehrens, 2020) and makes consumers perceive the banks business
intelligence tool as ineffective.

RESULTS

Mean, standard deviation and Correlation

[tems Mean  Standard Correlation
deviation
Standardised  4.80 428 Adoption  Effectiveness
g;’ﬂ;‘gers 3787 783"
checklist (.000) (.000)
Adoption 4.464 457 679"
(.000)

Effectiveness 4.84 357 679"

(.000)

The mean value for the standardised project managers checklist, adoption and effectiveness of
business intelligence tools is 4.80, 4.464 and 4.84 respectively while their standard deviation is
0.428, 0.457 and 0.357 respectively. The correlation for standardised project managers checklist
on adoption (0.378) and effectiveness (0.783) is significant 0.01 level of significance while
adoption on effectiveness (0. 679) is significant at 0.01 level of significance. The results show
that there is a low positive correlation between standardised project managers checklist and
adoption, while there is positive correlation between standardised project managers checklist and
effectiveness as well as between adoption and effectiveness of business intelligence tools.

Regression analysis

Analysis of standardised project manager’s checklist and business intelligence effectiveness

-10-



Gusau Journal of Entrepreneurship Development, vol 3, No 2, 2025, issn: 2811-1702 (print)

Model Summary”

Model |R R Adjusted [Std. ErrorlChange Statistics Durbin
Squar [R Square |of the -
e Estimate |R SquareF df1 [df2 [Sig. Watson
Change [Change Change
1 378 143 1136 425 143 19.726 |1 [118[.000 1.022

a. Predictors: (Constant), spmc

b. Dependent Variable: adoption

The model summary table above was used to assess the relationship between standardised
project managers list and adoption of business intelligence tools. From the table, The R square
value of 0.143 shows that the measures of standardised project manager’s checklist used in this
study cannot fully explain the adoption of business intelligence tools in the Nigerian banking
industry. The Durbin Watson shows that there is positive autocorrelation between the variables in

this model.
ANOVA*
Model Sum offDf Mean Square |F Sig.
Squares
Regression [3.559 1 3.559 19.726  [000°
1 Residual 21.289 118 180
Total 24.848 119

a. Dependent Variable: adoption

b. Predictors: (Constant), spmc

The analysis of variance (ANOVA) shows that there is positive significant variance between a
standardised project managers checklist and adoption of business intelligence tools. The F value
of 19.726 indicates that there is a significant difference between the regression and residual

model.

Coefficients”
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Model Unstandardized Standardize [T Sig. Collinearity
Coefficients d Statistics
Coefficients
B Std. Error [Beta Toleranc |VIF
c
gconSta“t2.699 439 6.151 000
1
Spmc 404 .091 378 4.441 |.000 1.000 1.000

a. Dependent Variable: adoption

From the coefficient table above, a standardised project managers checklist positively influences
adoption of business intelligence tools. The standardised beta value is 0.378 with a significance
value of 0.000. Since the value of 4.441 is greater than 1.96. It shows that there is a significant
difference in the regression mean and residual mean of standardised project managers checklist
on adoption.

Analysis of standardised project managers checklist and business intelligence effectiveness

Model Summaryb

Mod|R R Adjusted [Std. Change Statistics Durbin-
el Square|R Square [Error  of - Watson
the R SquarelF dfl |df2  [Sig. F
Estimate [Change [Chang Change
§
1 783" [613 [609 223 613 586'70 1 118 000 1.807

a. Predictors: (Constant), spmc

b. Dependent Variable: effectiveness

From the model summary table, R square value of 0. 613 shows that 61.3% of variation in the
effectiveness of business intelligence tools is explained by a standardised project managers
checklist. This indicates that the model has a good fit

Coefficients”

-12-



Gusau Journal of Entrepreneurship Development, vol 3, No 2, 2025, issn: 2811-1702 (print)

Model |Unstandardized Standar |t Sig. [Collinearity
Coefficients dized Statistics
Coeffici
ents
B Std. Beta Tolera [VIF
Error nce
(Constal; 707|230 7.406 000
| nb)
spmc  |.654 .048 783 13.664 |.000 |1.000 (1.000

a. Dependent Variable: effectiveness

From the coefficient table above, a standardized project manager’s checklist has a positive
significant influence on the effectiveness of business intelligence tools. The standardised beta
value of 0.783 is significant (0.000). The t value of 13. 644 is greater than 1.96 also indicates
significant difference in the regression and residual model.

DISCUSSION

Developed countries adoption of technology in firms allows for strategic decision making and
growth (Qasim et al., 2018). This is also the case in the developing countries. From the results
above, standardized project managers checklist influences the adoption and effectiveness of
business intelligence tools. This implies that the standard acceptable in each bank influence
whether a business intelligence tool is acceptable, adopted and used effectively in a bank.

5.0. CONCLUSION, RECOMMENDATION AND LIMITATION
Conclusion

This study concludes that there is a strong, positive, and significant relationship between SPMC
and BI tool effectiveness (R*2 = 0.613). This indicates that the SPMC is afoundational driver of
the successful implementation of business intelligence and helps in ensuring data quality,
regulatory compliance, and the realization of business value.Conversely, while a significant
relationship exists between the SPMC and user adoption, the correlation is notably low (R"2 =
0.143). This suggests that while standardized measures are good for getting the technology right,
they are less influential in overcoming human-centric barriers to usagein the Nigerian banking
sector.

Furthermore, the study identifies a high correlation between adoption and effectiveness. In
summary, while the SPMC is an essential mechanism for operational governance and risk
mitigation, it must be paired with user-centric change management strategies to bridge the gap
between technical deployment and organizational adoption.

Recommendations
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Each bank has its special need even though similar product offerings are offered to their
consumers, each bank should have its standardised measures to ensure that the business
intelligence tool to be adopted fits the bank needs.

Secondly, the standardised project manager’s checklist must ensure that the tool to be adopted is
capable, suitable and sufficient for use by users.

Thirdly, through effective communication amongst departments, there would be consistency in
training on new updates.

Forth, proper data integration and provision of reliable information should be ensured by
stakeholders.

Lastly, the adopted tool should increase productivity, quality of decisions and save time
Limitations

The limitation of this study is that it did not consider other sectors in Nigeria apart from the
banking industry. In addition, a more robust method of data analysis such as the partial least
square would have shown the strength of the items of the variables measured and a better
explanation of the effect of the effect of each of the items.

References

Abu, F., Jabar, J. &Yunus, A (2015). Modified of UTAUT theory in adoption of technology for
Malaysia small medium enterprises (SMEs) in food industry. Australian Journal of Basic
and Applied Sciences 9, 104—109.

Abdulov R. (2020). Artificial intelligence as an important factor of sustainable and crisis-free
economic growth, Procedia computer science,169, 468—472.

https://doi.org/10.1016/j.procs.2020.02.223

Acheampong, O. &Moyaid, S. A. 2016. An integrated model for determining business
intelligence systems adoption and post-adoption benefits in banking sector. Journal of
Administrative and Business Studies 2, 84—85.

Ahmad, M. & Siraj, S. 2018. A systematic review and analysis of determinants impacting
adoption and assimilation of e-commerce in small and medium enterprises. International
Journal of Electronic Business 14, 326-351.

Aldossari, S. & Mokhtar U. A. (2020). A model to adopt enterprise resource planning (ERP) and
business intelligence (BI) among Saudi SMEs, International Journal of Innovation. §,
(2), 305-347. https://doi.org/10.5585/iji.v8i2.17395.

Ali, 1., & Ahmed, A. (2024). Enhancing Project Management and Inspection Efficiency through
Advanced Data Integration in Construction Projects.

-14-



Gusau Journal of Entrepreneurship Development, vol 3, No 2, 2025, issn: 2811-1702 (print)

Al-Okaily, A., Teoh, A. P, & Al-Okaily, M. (2023). Evaluation of data analytics-oriented
business intelligence technology effectiveness: an enterprise-level analysis. Business
Process Management Journal, 29(3), 777-800.

Alkhwaldi, A. F., Abdulmuhsin, A. A., Alqudah, H., & Al-Okaily, A. (2023). Cloud-based
accounting information systems usage and its impact on Jordanian SMEs’ performance:
The post-COVID-19 perspective. Journal of financial reporting and accounting, 21(1),
126-155.

Al-Okaily, M., & Al-Okaily, A. (2022). An empirical assessment of enterprise information
systems success in a developing country: The Jordanian experience. The TQM journal,
34(6), 1958—-1975. https://doi.org/10.1108/TQM-09-2021-0267

Altamony H., Al-Salti Z., Gharaibeh A., and Elyas T. (2016). The relationship between change
management strategy and successful enterprise resource planning (ERP) implementations:

a theoretical perspective, International Journal of Business Management and Economic
Research, 7, (4), 690-703.

Aws, A. L., Ping, T. A., & Al-Okaily, M. (2021). Towards business intelligence success
measurement in an organization: A conceptual study. Journal of system and management
sciences, 11(2), 155—170. https://doi.org/10.33168/JSMS.2021.0210

Bach, M.P., Zoroja, J. &Celjo, A. (2017). An extension of the technology acceptance model for
business intelligence systems: Project management maturity perspective. Int. J. Inf. Syst.
Proj. Manag., 5, 5-21.

Baharuddin M. F,, Izhar T. A. T., Mohamad A. N., and Hasnol W. (2016). A framework-based
knowledge  management system (KMS) for dynamic  decision-making
(DDM), International Journal of Academic Research in Business and Social Sciences,
6(4), 2222—-6990. https://doi.org/10.6007/ijjarbss/v6-14/2107

Bhatiasevi, V. &Naglis, M. (2018). Elucidating the determinants of business intelligence
adoption and organizational performance. Inf. Dev., 36, 78-96.

Boonsiritomachai, W., McGrath, G.M., Burgess, S. (2016). Exploring business intelligence and
its depth of maturity in Thai SMEs. Cogent Bus. Manag, 3.

Chalmeta, R., & Ferrer Estevez, M. (2023). Developing a business intelligence tool for
sustainability management. Business Process Management Journal, 29(8), 188-209.

Chen H., Li L., and Chen Y. (2021). Explore success factors that impact artificial intelligence
adoption on telecom industry in China, Journal of Management Analytics. 8, (1), 36—
68. https://doi.org/10.1080/23270012.2020.1852895.

Costa C. J., Aparicio M., and Raposo J. (2020). Determinants of the management learning
performance in ERP context, Heliyon. 6(4),

https://do1.org/10.1016/j.heliyon.2020.e03689.

-15-



Gusau Journal of Entrepreneurship Development, vol 3, No 2, 2025, issn: 2811-1702 (print)

Darko, A., Chan, A., Ameyaw, E., He, B., &Olanipekun, A. (2017). Examining issues influencing
green building technologies adoption: The United States green building experts’
perspectives. Energy and Buildings, 147, 77-89. doi:10.1016/j.enbuild.2017.03.060.

Dwivedi, R., Nerur, S., &Balijepally, V. (2023). Exploring artificial intelligence and big data
scholarship in information systems: A citation, bibliographic coupling, and co- word
analysis. International journal of information management data insights, 3(2), Article
100185.

El-Adaileh, N.A., & Foster, S. (2019). Successful business intelligence implementation: A

systematic literature review. Journal of Work-Applied Management, 11(2), 121-132.
doi:10.1108/JWAM-09-2019-0027.

Eriksson, M., &Ferwerda, B. (2021). Towards a user experience framework for business
intelligence. Journal of computer information systems, 61(5), 428—437.

https://doi.org/10.1080/17517575.2019.1612099, 2-s2.0-85065414204.

Foshay, N., Taylor, A. & Mukherjee. (2014). A. Winning the Hearts and Minds of Business
Intelligence Users: The Role of Metadata. Inf. Syst. Manag. 31, 167-180

Foshay, N. &Kuziemsky, C. (2014). Towards an implementation framework for business
intelligence in healthcare. Int. J. Inf. Manag., 34, 20-27.

Grover, V., Chiang, R. H., Liang, T. P., & Zhang, D. (2018). Creating strategic business value
from big data analytics: A research framework. Journal of management information
systems, 35(2), 388-423.

Hawash B., Mokhtar U. A., Yusof Z. M., Mukred, M., and Gaid A. S. (2021). Factors affecting
internet of things adoption in the Yemeni oil and gas sector, Proceedings of the 2021

International Conference of Technology, Science and Administration (ICTSA), March
IEEE, Taiz, Yemen, https://doi.org/10.1109/ictsa52017.2021.9406527

Horani, O. M., Khatibi, A., AL-Soud, A. R., Tham, J., & Al-Adwan, A. S. (2023). Determining
the factors influencing business analytics adoption at organizational level: A systematic
literature review. Big data and cognitive computing, 7(3), 125.

Hou, C.-K (2015). Understanding business intelligence system continuance intention: An
empirical study of Taiwan’s electronics industry. Inf. Dev., 32, 1359—-1371.

Hung, Shin-Yuan, Yu-Wen Huang, Ching-Chieh Lin, Kuan-chin Chen, and J. Michael Tarn.
2016. Factors Influencing Business Intelligence Systems Implementation Success in the
Enterprises. Paper presented at PACIS, Chiayi City, Taiwan, 297.

Igwe, Sunny R., Augustina Ebenuwa&Otite Wisdom Idenedo. 2020. Technology adoption and
sales performance of manufacturing small and medium enterprises in port
harcourt. Journal of Marketing 5, 44-59.

-16-



Gusau Journal of Entrepreneurship Development, vol 3, No 2, 2025, issn: 2811-1702 (print)

Iman, N., Nugroho, S. S., Junarsin, E., &Pelawi, R. Y. (2023). Is technology truly improving the
customer experience? Analysing the intention to use open banking in
Indonesia. International Journal of Bank Marketing, 41(7), 1521-1549.

Jaradat, Z., Al-Dmour, A., Alshurafat, H., Al-Hazaima, H., & Al Shbail, M. O. (2024). Factors
influencing business intelligence adoption: evidence from Jordan. Journal of Decision
Systems, 33(2), 242-262.

Jeon, Hyeon Mo, Sung Hye Jin, and Young Kim Hyun. 2020. Customers’ acceptance intention of
self-service technology of restaurant industry: Expanding UTAUT with perceived risk and
innovativeness. Service Business 14, 533-51.

Khan, A., Satish, K, and Jithesh, A. (2020). The Role of ICT laws and national culture in
determining ICT diffusion and well-Being: A cross-country examination. Information
Systems Frontiers 22, 1-26.

Kim, J. &Eunil, P (2020). Understanding social resistance to determine the future of Internet of
Things services. Behaviour & Information Technology 39, 1-11

Lacity M. C. and Willcocks L. P. (2017). A New Approach to Automating Services. MIT Sloan
Management Review

Lautenbach, P., Kevin Johnston, and Tejumade Adeniran-Ogundipe. 2017. Factors influencing
business intelligence and analytics usage extent in South African organisations. South
African Journal of Business Management 48, 23-33.

Lock, D. (2017). The essentials of project management. Routledge.

Maresova, P., Sobeslav, V., &Krejcar, O. (2017). Cost—benefit analysis—evaluation model of
cloud computing deployment for use in companies. Applied Economics, 49(6), 521-533.
doi:10.1080/ 00036846.2016.1200188

Maroufkhani P., Wagner R., Wan Ismail W. K., Baroto M. B., and Nourani M. (2019)Big data
analytics and firm performance: a systematic review, Information. 10, 7
https://doi.org/10.3390/info10070226, 2-s2.0-85069855033

Mayeh M., Ramayah T., and Mishra A. (2016). The role of absorptive capacity, communication
and trust in ERP adoption, Journal of Systems and Software. 119, 58—
69, https://doi.org/10.1016/j.jss.2016.05.025, 2-s2.0-84973925883.

Misra S. C., Singh V., Jha N. K., and Bisui S. (2016). Modeling privacy issues in distributed
enterprise resource planning systems, International Journal of Communication Systems.
29 (2), 378-401, https://doi.org/10.1002/dac.2839, 2-s2.0-84957630685.

Mohamad S. N. A., Embi M. A., and Nordin N. M. (2016). Designing an E-portfolio as a storage,
workspace and showcase for social sciences and humanities in higher education

-17-



Gusau Journal of Entrepreneurship Development, vol 3, No 2, 2025, issn: 2811-1702 (print)

institutions (HEIs), Asian Social Science. 12, 5, https://doi.org/10.5539/ass.v12n5p185, 2-
$2.0-84988025753.

Najib, M. &Fahma, F. (2020). Investigating the adoption of digital payment system through an
extended technology acceptance model: An insight from the Indonesian small and medium

enterprises. International Journal on Advanced Science Engineering Information
Technology 10, 1702—-1708.

Olexova, C. (2014). Business intelligence adoption: A case study in the retail chain. World
Scientific and Engineering Academy and Soceity Transactions on Business and
Economics, 11 (4), 95-106. http://www.wseas.us/journal/pdf/economics/2014/a185707-
163.pdf

Oliveira, T., Thomas, M., &Espadanal, M. (2014). Assessing the determinants of cloud
computing adoption: An analysis of the manufacturing and services sectors. Information &
Management, 51 (5), 497-510. doi:10.1016/5.im.2014.03.006

Oumran H. M., Atan R. B., Binti Nor R. N. H., Abdullah S. B., and Mukred M., (2021).
Knowledge management system adoption to improve decision-making process in higher
learning institutions in the developing countries: a conceptual framework, mathematical
problems in engineering. https://doi.org/10.1155/2021/9698773.

Owusu, A., Ghanbari-Baghestan, A., & Kalantari, A. (2017). Investigating the factors affecting
business intelligence systems adoption: A case study of private universities in Malaysia.
International ~ Journal  of  Technology  Diffusion (IJTD), 8(2), 1-25.
doi:10.4018/1JTD.2017040101

Pan, Mi, and Pan, W. 2019. Determinants of adoption of robotics in precast concrete production
for buildings. Journal of Management in Engineering 35, 05019007

Podobnikar, T. (2025). Bridging Perceived and Actual Data Quality: Automating the Framework
for Governance Reliability. Geosciences, 15(4), 117.

Puklavec, B., Oliveira, T. & and Popovi¢, A. 2014. Unpacking business intelligence systems
adoption determinants: An exploratory study of small and medium enterprises. Economic
& Business Review 16,185-213.

Roden, S., Nucciarelli, A., Li, F. and Graham, G. (2017). Big data and the transformation of
operations models: a framework and a new research agenda. Production Planning and
Control, 28 (11/12), 929-944, doi: 10.1080/09537287.2017.1336792.

Saabye, H., Kristensen, T. B., &Wahrens, B. V. (2020). Real-time data utilization barriers to
improving production performance: an in-depth case study linking lean management and
industry 4.0 from a learning organization perspective. Sustainability, 12(21), 8757.

-18-



Gusau Journal of Entrepreneurship Development, vol 3, No 2, 2025, issn: 2811-1702 (print)

Seol, S., Lee, H. & Zo, H. (2016). Exploring factors affecting the adoption of mobile office in
business: An integration of TPB with perceived value. International Journal of Mobile
Communications 14, 1-25.

Shuja, A., Awan, M. L., & Saleem, 1. (2023). Cotton Web Limited: a journey from disintegrated
complaint handling to an efficient and robust e-complaint management system. Emerald
Emerging Markets Case Studies, 1-19.

Suman, H. K., &Bolia, N. B. (2019). A review of service assessment attributes and improvement
strategies for public transport. Transportation in Developing Economies, 5(1), 1.

Tehrani, S. R. & Shirazi, F. (2014). Factors Influencing the Adoption of Cloud Computing by
Small and Medium Size Enterprises (SMEs). Paper presented at International Conference
on Human Interface and the Management of Information HIMI 2014: Human Interface
and the Management of Information. Information and Knowledge in Applications and

Services, 631-642.

Teoh, A. P., Al-Okaily, M., Iranmanesh, M., & Al-Betar, M. A. (2023). The efficiency
measurement of business intelligence systems in the big data-driven economy: A
multidimensional model. Information discovery and delivery, 51(4), 404-416.
https://doi.org/10.1108/IDD-01-2022-0008

Tran, Q., Zhang, C., Sun, H., and Huang, D. (2014). Initial adoption versus institutionalization of
e-procurement in construction firms: An empirical investigation in Vietnam. Journal of
Global Information Technology Management 17, 91-116.

Trieu, V.H. (2017). Getting value from business intelligence systems: a review and research
agenda. Decision support systems, 93, 111-124, doi: 10.1016/j.dss.2016.09.019.

Wang, Y., & Wang, Y. 2016. Determinants of firms’ knowledge management system
implementation: An empirical study. Computers in Human Behavior 64, 829—842

Yasak, Z. and Alias M. (2015). ICT integrations in TVET: is it up to expectations? Procedia -
Social and Behavioral Sciences. 204, 88—97. https://doi.org/10.1016/j.sbspro.2015.08.120.

-19-



